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Visual Detection and Deep Learning Interpretation of Bulding Damages 

by the 2016 Kumamoto Earthquake using Aerial Photographs 
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   This paper presents a study on visual detection and deep learning interpretation of building damages by the 2016 

Kumamoto earthquake using aerial photographs. The Kumamoto earthquakes are a series of earthquakes, including 

M=6.2 foreshock and M=7.0 main shock. Since these two earthquakes occurred within 28 hours, the building damage 

situation before the main shock is not clear. In this study, using aerial photographs, the building damage assessment 

before the main shock is carried out with visual detection and deep learning interpretation. Although the results are still 

tentative, it would be useful for estimating the damage situation after the disaster. 
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