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Recognition of Building Damage Grade Using Deep Learning 
Based on Ground and Aerial Photos Observed after the Kobe Earthquake 
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   Damage grade surveying is an important procedure for post-disaster recovery and reconstruction. In widespread 
disaster, this task takes enormous times and efforts. So, it has been required a more efficient surveying method. In order 
to solve this problem, deep learning technique was applied for damage grade recognition based on the dataset of ground 
and aerial photos acquired soon after the1995 Kobe earthquake. In the preliminary study, we divided two classes 
including severely damage and others, and then input them into CNN called LcNet to generate a prediction model. In 
the result, we found that the classification accuracies using ground and aerial photos are about 71% and 64%, 
respectively. 
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