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Extraction of Road Damage after an Earthquake using Images
Captured by a Car-Mounted Camera
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The 2016 Kumamoto earthquake caused serious damage to road network, and it prevented from emergency
responses. Since the road network is an important infrastructure for the quick restoration activity after disasters, it is
necessary to grasp the damage situation of the road network at an early stage. This study tries to detect the
earthquake-induced damage to the roadways using the images captured by a vehicle-mounted camera. A deep
learning module CAFFE (convolutional architecture for fast feature embedding) was employed to develop an image

classifier
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